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A Survey to Text Summarization: Popular Datasets and Methods
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(1. Key Laboratory of Intelligent Information Processing,
Institute of Computing Technology,Chinese Academy of Sciences,Beijing 100190, China;
2. University of Chinese Academy of Sciences,Beijing 100049, China)

Abstract: Text summarization has become an essential way of knowledge acquisition from mass text documents on
the Internet. The existing surveys to text summarization are mostly focused on methods, without reviewing on the
experimental datasets. This survey concentrates on evaluation datasets and summarizes the public and private data-
sets together with corresponding approaches. The public datasets are recorded for the data source, language and the
way of access, and the private dataset are recorded with the scale, access and annotation methods. In addition, the
formal definition of text summarization by each public dataset are provided. We analyze the experimental results of
classical and latest text summarization methods on one specific dataset. We conclude with the present situation of ex-
isting datasets and methods. and some issues concerning them.
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@O https://edition. cnn. com/
@  http://www. dailymail. co. uk/home/index. html
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A1 2y B} 4R b 1 B s 4 (New York Times Anno-
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VE# % T W ATE J7 5 B8 2 WO RRAIE L il 3+ & 19 7
A 17 7 A N T S (o 2 Y TR €7 T S i
IR AL, A NYTAC kB T3 0005 SCA
HEAT 7 AR (Y U K L SR 5 TR 9 SCAB B 25 0 BRS bR
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AT

6 Amazon SNAP Review Dataset

WP 5 3h fE 2% 3T 18 B HE 42 (Amazon SNAP Re-
view Dataset, ASNAPR) @4y 3% k. 1995 4F F] 2013

AEHEIE 0. 35 ACH P PR B B SR 0T B L 4
AP IDLPE I8 25 VT 18 4 22 A IF I8 B 0] 55 9 45
BT ASNAPR J2& i il 738 20 o PR 1 0 02 Jod SCAR
ASNAPR £ 4i8 48 1Y 5 a2 SCAR IR 38 % ] T9F
WG I 2 SUAR T2

FEX S ASNAPREBEE LHXARHE

BEBEED. OA AT LEE LTS
B (. y. D EP v A TR,y AT EH
HE I ATARGERFE, ¥ D raIN%E
D ain I IEE Daion A7 M X E Do =320 A Doin
Fo Diyaaion P 5 5T 71 R LB 3 48 & AP R L
B BARL A, £ D LIRSk 09 A RO,

£ ASNAPR % #s 4 1. & #5736 4 45 Ma
SFUER R . MR A SO H N IR 4 BT AT 2
PR ) A HOR RO 2 O TR AT
PR T — T oy 2 2 v 3] g AR A L A S SO il R
TS . AL HG — A4 22 )2 CFRF U SCA R 46 B
J A ) A — A IR 2R 2 (48 SUAR T — A1 8% 28 5
PR o IK TGy 2 S5 R 23 T AT 55 B e R T2
T 478 2R A SCAS 1 I8 43 28 4 TT LLEE fin A s b
DA R 25 5 [F) B SCAS Jif 2230 B b ie Hh EZE LA (5
ST S IR B X T A I TU AR B R R
B R SCRME R, 1E# N ASNAPR %
U7 8 (20 110 J7 %170, 8 T8 437k
H A 478 5 R R R 2 T B

7 LCSTS

B o T ol 5 A S S A 0 £ 3 B R AR R
tE YT ] A S AR SOA B SCAR R . T
FEAZ AR SCAS TR S B SCAS  BAT T W AR
22 WA 7R SRR AR G SRR BT AR X K SOR |

LCSTS(large scale Chinese short text summa-
rization dataset) @& Hu 2550 DT IR 64017 © 4% B Y
L SCAS S TR 4 RO 2 RS o 200 7. TRAR K
PRI 6, 181 1 0 — A Edl 4 4], 8 b 95 5 o

@ https://catalog. Idc. upenn. edu/LDC2008T19/

@ RST-DT J& A LAR T MR 545 MR, a8 385 ik A 4
IR H i (Wall Street Journal, WS]) 9 357 18 3¢ &, H K %48 78 ht-
tps://catalog. ldc. upenn. edu/L.DC2002T07,

@ http://snap. stanford. edu/data/web-Amazon. html

@  http://icre. hitsz. edu. cn/Article/show/139. html

®  http://weibo. com/
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1 B2 a5 A S T — B SCAS B 4
F 6 LCSTS HEMH

LUESE S B Al B
¥ SN 2 400 000
B UEAR K/ 10 000
WA TN 1 000

(ﬂﬁ-ﬁ’izﬁfﬁ)\él?ﬁd?fﬁfﬁ‘ﬂi‘g%ﬁﬁ@] iFH , [)I|l— 168 EaE sy
#e, EERisFEEN. GREE  CESHREIRRSEESHESE , BEE).
H F=RAF | AFEfRemsif. GEFTsEsTs , [BrIREaSER"
P =5, gESHFREEFINESSE, MR W RNEEHETE. .

Pl 1 LCSTS $udls 61

DO R g TTok: S | R N7 SO (o S I 7 1 0
P B 22 [] R DG A G M A (B IX TR & [ 1,5 ], 40 (E
R RN A G, LCSTS B4 4 i 5 2 Se A 5
MR JF HAFAE MRS

TE K& AT LCSTS rp SC ¥4I 4 1 [m] i o 4 3 42 1
T Tl ) R A A 2 O g% i B AR e Y T
S5 T AE LCSTS # ¥ 5 iy e v Jy ik, J5 2240 ¢
TAE K % 5 R AR R B O iR AT Oy R ROR W
.

EX 6 LCSTSHIEE FHXAHE

RIAED. AL EAPIEIATEAREZ
FF<<h,S>,HE P h RFEEEGIHIRRE, BHE
HL R, SEATREIKRGHMEL, § % A6 T
Wik D YREW. oM AN%E Do BIELE
D.igsion M KL Do ¥ h AW L4, SHEH R
LA A Diuin # Deostiuion LN G 77 iFR B GER, £
Do B X 77 ek L]

Ma 20T — B i 1) o S0 A 52 A JE AR
FREE R 7 . 3K — B T R B A > (R il G R
D79 AT B2 HE A A TR R A PR 2 0 4% 1) G B
RS R R LS . X Ry i AE LCSTS
B ASOR B Hu & )5 A BT I,

8 NLPCC

HARIE S A5 v ST 2 1L (CCF Confer-
ence on Natural Language Processing & Chinese
Computing, NLPCC) /& iy H |8 i 5 L 2% 25 (CCF) 2%
I A SR TE T SCOR DY 2380, A 45 SCAR G 22 A% 2870
B+ A ) Il 2 54T 45 . NLPCC = 2012 4F JF 4 %
IpoBEAE —JE . 7R £ B NLPCC Wl 3% 4F 55 s
NLPCC 20159 NLPCC 20179 #1 NLPCC 20189 43

8 SCA 8 EAT 55, H R B SCA il B
NLPCC ¥ 48 £ 09 ¢ 1 52 7 I SCAS AN 43 G A 43
AL G MR AR AL

EXT NLPCCHIEBE FHNXEABE

BRIAED, 0L kAT XHAELAHZ
st<<H.S>.3#+ H k74 ML, b a4EL%
B.SEATHBEEL, BFHALT.HEESAHE
Z8) SAEEBEHELAHAR A KLHA ML
REFLHBEME, F5 8 S 3 H Gwed, &0
4 D, (D..=D) _Eml & 7 ik 04 F 2k,

£ NLPCC %#is 45 I, 5 2 L B i 5 T oA
[F] o B0 A5 B R T — B R SO o R O
SR AL TV . B ) AR R I Chyperedge) | 1A
YE K75 1 (vertice) ¥4 22 #8 & Chypergraph) . F] J #8
Pl /) - 5 38 22 8] 49 e B 15 R R 2B A R OC B
. A NLPCC2015 Bl 4 BB i sk .

Xu S50 &S B A 0 R A R AL SR Al Tk e 1k
) A ol e A A AR A A B ME B R A () L 2 T
— i T X 5 A T Y SOOI T vk 1R T
T EETIREE A 2 Ir AR h SOOI E IR R
JiiEAE LCSTS #l NLPCC2015 %48 48 | k47 T
NS

LCSTS #1 NLPCC & H Hij I 7] H 3 SCA 4§
BLNBIR A o AT LI S oA R T 22 19 T ] v ST SC
A7 B 7k 0 I 2k 0 Rk s A W], Al DL AR
LCSTS %4 b 50 0k © A 1A [n) 9 3 7 56 F IR B 2
2] 1 J7 1R H SO SCAS i A

9 BHEHFEEREXNNTGE

T SORG 2 IR S /0 BR T B R e
FBCE SR LT U 2R AN A9 T A Z 40 i A R
HE BRIk . XTI A R AR 0 SCOAS 1
BAES5 W TTIE A 23 R T G 7 Ik kT IR A
B4 T5 1% e T IE SR I 7 vk TR A M Y 5 1k
NI TF L= T 19 07 3 7 5 68 B 28 390 114 L Aip i
RT3 1 VR 11 B0 s S A O TR AT B4

9.1 EFHZitMAE
BT G A 7 Bl i — SRR AR R A Bl A
@ http://tcci. ccf. org. cn/conference/2015/pages/page05 _
evadata. html

@  http://teci. cef. org. cn/conference/2017/taskdata. php
@ http://tcci. ccf. org. en/conference/2018/taskdata. php
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AR 18 B, ] R AR A 4 ) T T AE R A B TE-
IDF \n-gram 85, 3% A7 AN G ZEAAMMAY T 5 2 R0
HSL IR0 FHARTE B A BREOR  SE B 8. A5
125 18 3 DR T RFAE 2 ALRURRAE $i it (1 2 L

Ko Fl Seot ™ 4t — Bl 3 F b F SCRRAE FI 55 1
AT 49 2] $2 00T 125 5 o B P A AR SR B | 15 TF
A —AZotil F A A) 7 (Bi-Gram pseudo sen-
tence, BGPS) . BGPS i % L 8.4~ A 7 5 £ 1 RFAE .
WRAEGETHJ7 ik 0 BGPS 247 8 2045 FE 4T 7% » 1 o
{EL55 =i 1) BGPS X Bz 1 ) -1 hy dif 2244

Xof T SCAR AR B T E Y kR
= B 4.0 89 (KOrea Research and Development In-
formation Center, KORDIC) $t4fi . 40 45 841 % 8 ]
SCEE T TR R 46 R 10 %0 T 30 %6 B 4k L ) 5 X
T2 AR E AEF T 5 A 83 55 558 SC
= EREAE T AR E A 7 AR S Bl
B ARG T B 4

FE TGt 1 SO A7 07 12 85 WL Al B Ry
AEAR XS 7 5 PR 5 12 o S B (H A SR AR . 3
TV AR T SCSCAS i AT 55

9.2 EFTHEEENFE

BBy FE T BT Jr P A B RO A AT
TR, Hu ZEP 0k, % T Web SCARK UL, (24
TR X T SCAHH 2555 B RAL 55 2 A M E .
NPT EAE BICRNEAR S B 35 1T
WAR B SCA S ZE A B K PE IR VR 19 5 K0T
W2 [E] 045G FRAE A 300 o 1) T ABE 78 6 3 16 1) i 28
FEHATIT 43 MATTER S T PR SCAR S Z 5 ik . —Fb
T8 2ok P A O S TR SR X i 38 4k L ) AT AT 4 O
— R LSO P8 S — A O SO 0% O SC
AT PEAT B A A B A B T T ST
Cosmic Variance® Fi1 IEBlog® /4 HIZREL T 50 55
SCEAE Ry S TR 4 AR T E N L AR TE A A
BT A& T 3CE N IFe, IR A8 i
B I WU SR VR J5 AR 1 4 22 )

Lin S50 $2 7 — Fh 3% F 15 % {5 B 19 Page-
Rank 22 SCAE Bl B 075 VR % [8) IN 2% 58115 12
FRGX W AR SR T TR ER R, T
B vh SCSCA I I R i R b S SRR R R =
P M b vt SCI O T 15 AN 7= I PRI
BB SR 200 Z50Fie . A # TESE 15 M
M) 2 SCART BRI 4R . PRt 3 A bn & N4 3
R PFAE Al 48 M) 1 iz £ R4 2]

9.3 ETFHZFEENFZ

1] 75 5% (lexical chain) ™" J& —Fj il 34 5 &5 i 12
PER BB IR R W T SO R BT 55 A AR TR
HALFR R A, Chen S5 23 Y 1) 15 B 7 1 1
B SCSCA EE B T R T ] ek 5 Y b S
AR T . | H ] HowNet 15y 0l 2 4% 14
AR R e TR o IR I A fe e SR T R & SR
VEBCR 22 A . AEIBC I b AL IE R 100 5 rh SCHT )
R NE RS €/ Tk S O S O NI 7 A R8s 7l )
10 261 20 Y0 B G 22 4] .

You SV TR B SR L, 25 G eSS Mgy
FE S B 7 — b Bk T 1) ok B R 45 R R AE 1 TP SCOCAR
2. [WFER T HowNet # 4 i) 25 5 45 14 4F
AEALFE 5] 7 B AL A S 52 1 A &5 A ) 12 B
AU R 45 A8 R I R AT AN ) - SR R AT AT
Gy BEWUAH B ), MEE N E IR AL 50 AN
[7) 28 531 649 v SO ) o B Bl A . R R SO,
PR 46 345 3R 10 20,20 %6 1 30 %0 i A1)

Wu SR T AN 4R Web B ] Y 33 3 A
B R YGE PNFS, PNFS Y ) i 202 545 0 42 Ui
fi% 220 1) S PR 3 R G B TR) . O IR ) B U R R
TR A 0 R R IR 22 1) 0 1 SORE DG AT
) S 1B A A ) vk . R A Y DG B R — J i AT LA
P A2 F P — ok 7 A9 B 508 2L 19 48 B e ), 5
—J7 1 AT LA T4 P %R MR DA 163 8
Ve o 3 VR BT 120 R AR ST ) S0 A O 4
SR 5 A A ICTCLAS® #h47 v 3¢ 431l

1 0 1) % A 2 By 44 1) 4 AL G, gD
T B iA) S BT R R UE B . Hou S5V 4R T 4
B.1A] 5 5% (holographic lexical chain) 3 H 7 i F
T SCI BSOS b A L TR 1 A 4 44 1R) | 2l 1)
UL 2508 = 280 4 . X = 2RI BE 4G T O E R
FEEUEE B R 2 Bk gk . M8 h
A3 55 42 B ) R B v R () RRAE L R Logistic [B1H | 3¢
T 1) AL ALAS 7 ) T ke R A M AELIER
P b B 159 J A B b SORT R O B
B o X SCAS s N bR T 47 ) R AT AR B 1 )1

@ http://blogs.discovermagazine. com/cosmicvariance # . Wy-
yfqadLjIU/

@  https://blogs. msdn. microsoft. com/ie/

® https://www. amazon. cn

@ http://news. 163. com

®  http://ictclas. nlpir. org
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534 BN AF - SO Z R ROIR R 5 1L D Je 2ok 9

A
9.4 ETREEHMMNAE

BT R AT O 5 R M R AR 1S B AR
SCATH B0 B WL 7 A 4% Cheng 555 42 H 1
T3 Web SCA [ i 207 1. VR 1 50 B Beik
Z A T SCOGHR R T SCRF T ) B v 43 91 &) 2 1
BUZ UM BSR4 . R ELS S ST .
EIGE T J5 i - 2 — 6 ke M0 ) 32 47 5 5 3 A
TR A T B I e 28 A R 3 Web SO 9 47 22
PR MBR @ T B LT S 0 O 45 W R T 1T 2%
SCELHEALERC T 228 GRS A R E . N XY
LR A BT 45 B SOR AL 1 T 7 A OB
il AEFN B I7 6 N T B A o R (R RE 8 R
A SORPEAT T R BRI

XRTTEMA T RS E R, o] LG E 4
ey b 3 B MR AR N B i A5 (R R A R
JEE B - I HL D RS 50K 10 o 5 45 4 50 B o ik
FrpLas & I BRI 2 ALk, © A Jr B # R TE A
R B L AT B I 5k A I

9.5 ETHNHRFINFTIE

AR 3 e T AL A% 27 > B SCA G 207 ¥ 2 A e
M5 vk BT B bR i i U 2k B R I K &2 . Hu
SEUTER T — b 3 T T2 B T SRR SR i )y
P BT B RS R I SO I e B A,
SR JE DN — A~ T2 A e R T A SOAH OGP B K
18— /) T A A A A B SR R AR 3R IR i ) AR
Ji SCAS R I P 20 e 4 I A . BE LR i 200
T A [R) 2R ALY vh SO SCEE B TR R EAT 4R 7
B BOR AL

Baumel 5 4 T —Fh 3L F LDA 3 45 A
(topic modeD) ™" it 37 U SCA I AT 55« 1 7] 25 31 ()
B 4 B 7 15 (query-chain focused summariza-
tion) BB 22 AR 1 © 28 S IR H AR O3 4 A L
EGTUAR BTS2 T R 37 Y25 A A b 5 T T ) A
T ) 47 S 2 A B 5 A ) A O Y R ) AR D A
B BEE X PRI 55 . 8 TP 22 U A i i 25 2R A
TR R, T IS n Sk A 1 R A 3
IS5 SR EEAERT n— 1 2% A 1018 /) 25 SR 475 B 5L hly |
A SR A L, de 2 A R0 Ak O BT A AR ) i ) A F)
) 45 R B A L

IO B “TH 3% & 2 (consumer health) 74045
AOTE R B A A . B T ) A R AR 2, SR

PubMed® & ¥ Bt £ 45 “ X Wi Casthma)”. “fifi %8
(lung cancer)”, “HB ik AE Cobesity)” Fl “ 3 4F ¥ 5%
(alzheimer)” PO A~ 5 8 0] (1) A 0] 15 1), 9K Ja DA 3 3
Wiki®, WebMD® 4§ [ |- %% 5 rf 4k B 5 2 i) 1 41
ARG SCAS 4% B2 2 2 A bR T SO il 22 . e
ZAF BN bR v 2 186 F o A S UIl 2k A0 I it £k
Pt .

VI 25100 2 5 1 B A 28 ) 2% ) < G LD i — i
AR B T o 2R S R L B — T AR SR A
By, [ 7R g g — i dR A rh A T
“TEREIIHUE BT TR T AR AR RIS
T T T ORI E R PERE . MR b =R
I O ORI P A, A R . R 120
Zait bk, Hoh Il 2R 45 90 T 4% IR UESE 20 5 4%, Ik
B 10 J7 4%, B AR TROREL S BT R b A BT TR PR ROR
5 28 591 G B BB L I B A 2 WP L Al VR RB IR
A RS AT RS 11 ASZERD .

10 ZBGZMEFTEZRINBES

AHPEHF T ACLLAAAI,EMNLP ,ICJNLP #I
COLING 4 H 8K i 7 Ab 3840 OC [F Br 23 150 #8 43 15
TP SCARTH B P ARG SCHR . R 7 B T o i
T R R T R R DG SR v R 381 ) R 4R

FE T AT 4 R VR A R R T
W27 %, 3 LexRank., TextRank 4542
HL 75k

C A T AFE B M T 1] v e S0 SCAS Fi A A ] O
¥, Lin 2 B TAE4> 314 LCSTS #l Gigaword %
PR AT T .

I Y TR B p 25 O 5 B A L S I B A
R Gigaword . CNN/DM il LCSTS 2 J $i 6 # 2
. UK EEE S DUC/TAC LB B /N BN
T TR B A 28 I 4 5 A 0 I 2, O A TR R A 2 I
25 A5 TR O A b AT U R i, A
BN 2558 5 - DUC/ TAC B 4t 2 &5 59 I 3F
P, L, DUC/TAC i J& —Ff 5 1 SCA fi 22
J7 1 D PR 4 .

@® http://www. sina. com. cn

@  http://www. ccw. com. cn

®  BEAE A A B U B O S0k KL R BOIE L bteps://
www. ncbi. nlm. nih. gov/pmc/

@ https://en. wikipedia. org/wiki/ Wiki

©® https://www. webmd. com

® http://www. chinanews. com
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®7T XHAZHBIEELSLS

SCHR A A SCHR R U5 4§
A unified model for extractive and abstractive summarization using . .
o o ACL2018 CNN/DM
inconsistency loss
Extractive summarization with SWAP-NET. Sentences and words . .
. . [42] ACL2018 CNN/DM
from alternating pointer networks-*
Global encoding for abstractive summarization"**] ACL2018 LCSTS, Gigaword
Autoencoder as assistant supervisor: Improving text representation . .
. . . e ACL2018 LLCSTS
for Chinese social media text summarization
Neural document summarization by jointly learning to score and se- . .
Lis] ACL2018 CNN/DM
lect sentences'"’
Retrieve,rerank and rewrite: Soft template based neural summariza- . -
e ACL2018 Gigaword
tion"
Learning to extract coherent summary via deep reinforcement learn-
onnne Y P AAAT2018 CNN/DM
ing
Faithful to the original: Fact-aware neural abstractive summariza-
e 8 AAAIZ018 Gigaword
tion""
Sequential copying networks-*"’ AAAI2018 Gigaword
Generative adversarial network for abstractive text summariza- .
. AAAI2018 CNN/DM
tion
Unity in diversity: Learning distributed heterogeneous sentence rep- AAAIZOLS CNN/DM,DUC2001,DUC2002,
resentation for extractive summarization*"’ DUC2004
Selective encoding for abstractive sentence summarization'**’ ACL2017 Gigaword,DUC2004
Supervised learning of aautomatic pyramid for optimization-based . .
. o so] ACL2017 TAC2009
multi-document summarization"’
Oracle summaries of compressive summarization®" ACL2017 DUC2004
Improving semantic relevance for sequence-to-sequence learning of . S
. . . o ACL2017 LCSTS
Chinese social mediatext summarization’
Get to the point: Summarization with pointer-generator networks™?? | ACL2017 CNN/DM
Extract with order for coherent multi-document summarizationt*?) Text Graphs-11 DUC2004
Revisiting the centroid-based method: A strong baseline for multi- | New Frontiers in DUC2004
document summarizationt* Summarization 2017
SummaRuNNer: A recurrent neural network based sequence model . .
. o [54] AAAI2017 CNN/DM,DUC2002
for extractive summarization of documents"’
Improving multi-document summarization via text classification®> AAAI2017 DUC2001,DUC2002,DUC2004
Towards an iterative reinforcement approach for simultaneous docu- . .
L. 6] ACL2007 DUC2002
ment summarization and keyword extraction™’
Affinity-preserving random walk for multi-document summariza-
SnTypreserving e HHdocument SUmmAnZT | pMNLP2017 DUC2003,DUC2004
tion"”’
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Cascaded attention based unsupervised information distillation for . .
i T EMNLP2017 DUC2006,DUC2007
compressive summarization-
Deep recurrent generative decoder for abstractive text summariza- . . s
cionl®) EMNLP2017 DUC2004 , Gigaword , LCSTS
ion
Extractive  summarization using multi-task  learning  with NIKKEI Financial Report Cor-
e rs EMNLP2017 .
document classification!*®) pus@,NYTAC
Generating coherent summaries of scientific articles using L .
EMNLP2016 PLOS Medicine@,DUC2002
coherence patternst®!”
A neural attention model for abstractive sentence summarizationt'> EMNLP2015 Gigaword,DUC2003,DUC2004
Cascaded filtering for topic-driven multi-document summarization'®®) | DUC2007 DUC2007
Textrank: Bringing order into text'") EMNLP2004 DUC2002
Abstractive multi-document summarization by partial tree extrac- . . . -
. L . e IJCNLP2017 TAC2011,DUC2004,DUC2005
tion, recombination and linearization'®
Towards abstractive multi-document summarization using submodular . . .
. . e IJCNLP2017 DUC2004,DUC2007
function-based framework, sentence compression and merging"*'
A general optimization framework for multi-document summarization | | . . .
. . . . . n COLING2016 DUC2002,DUC2003
using genetic algorithms and swarm intelligence!**
Exploring text links for coherent multi-document summarization"®? | COLING2016 DUC2004
Abstracti s s arization based t semantic link net-
s r1c ive news summarization based on event semantic link net- | b o DUC2006 . DUC2007
work"*"
Extractive summarization using supervised and semi-supervised . . .
o COLING2008 DUC2001
learning**!

Coherent narrative summarization with a cognitive modelt**]

Computer Speech &

Language

DUC2001,DUC2002

Text Summarization

Event-based extractive summarization'’" DUC2001
Branches Out
: Worksh ILP
A scalable global model for summarization'' oreshopon TAC2008
for NLP
Lexrank: Graph-based lexical centrality as salience in text summari- | Journal of AI Re- . .
DUC2003,DUC2004

zation'"

search

Multi-document summarization using bipartite graphs™"

TextGraphs-9

DUC2005,DUC2006 , DUC2007

A study of global inference algorithms in multi-document summariza-

tion'™!

ECIR2007

DUC2002

Multi-topic based query-oriented summarization'’*

SIAM  Conference
on DM 2009

DUC2005, Epinions®

O HICHEE . HAR LA AR e B AR 50808 M htps: //www. nikkei. com £ 3 911 5 X ik 84 5 A i 22 .

@ IR 50 B SCHE  BER SCE AR SRS N T

® MU www. epinions. com JEIRHE 0™ A PR KR 4 3L IE 44 AR S IEE .
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TR b 28 B TT AR B A B R SR ROR L AR
W LL Gigaword 846 5 0 4], 3 B X L 7T AR 7 B
BASOAR A R SCA £l 27 2 A Gigaword U4 4 1Y
YRR b kA7 B BN S, A2 I3 2 b 0 A7 03l Y
4

ABS: Rush 45" 3% F“ 78 88 1 "ML G G 1
e FLRE bR M T 05T b 28 0 45 1 AL (NNLMD iy
“fR AR

ABS+: Rush 2517 ABS f Al bk f7 T4
Bk gk, A A DUC 2003 % 48 45 9F — 20 i 8 T

Luong-NMT; Chopra 213 g ABS fil ABS+ 3
fili B EAT 7 O TR RE A 0 g A A A i A
A FURTE g i 887 o T — b 2% 1 A0 B b 2
W £

Feats2s: Nallapati 21 8 ABS + fil Luong-
NMT gLl b5l A T 400 TE-IDF 4 45 524K
SRR T S RRAEVE A2 2K A

SeqCopyNet: Zhou FE-* i 1 (1 * 3 £ M 4 57
RERY, FE T — N B & i i 4 19 ) B A 15 B
ok I U g e i 1 O L O ok R A — A A )
iR T B R

FTSum: Cao 55" 4 H (142 FHE B 1Y “ g 15
A AL 2% R TS G A 2% o T A B
e EIB R = nd s LRI,

Re3Sum: Cao 45" 41 H A4 37 19 “ Sty 3] 35t A1) A5
BB C AT B 4 2 )RR R OB AR Csoft tem-
plate) . /EH S K48 S HHZ MY LE I

K 8 AR MAL AL Gigaword $HE 4k F 1Y
S AR PP AN AR R F ROUGET, — Fijd
FH B SCAS i L E A i . ROUGE 5345 R0 4t 119
WS 24 2 2 8 — It i  Z oA . = ooin Kofx
K5 (longest common subsequence, LCS) %
FARMELSE, PXAHETEHNA
ROUGE-1,ROUGE-2 1 ROUGE-L, 4} 5| & /= f#
RV 0 B 2% il B — oo i) os iR il LCS
Z A B B AR SO R T X = R AR

NS RO T AR R BN 2R | BT 0
1L A A6 B A 22 0 45 B AL R B H T 7R B SCAR
Az R SCA B TR A RO TEST A TR SN
TR SCRHE S » RORIE— D4R T, T E— 4T}

B 2019 4
R 8 ZRHMFETE Gigaword LR
o SR
ROUGE-1 | ROUGE-2 | ROUGE-L
ABS 29.55 11.32 26. 42
ABS+ 29.76 11.88 26.96
Luong-NMT 33.10 14. 45 30. 71
Feats2s 32.67 15.59 30. 64
SeqCopyNet 35.93 17.51 33.35
FTSum 37.27 17.65 34.24
Re3Sum 37.04 19.03 34.46

A AR B R O 7 R E 4 S5 4 B A B A
AT TG, BN, “ SeqCopyNet ” 42 T 3%k £ 1
P25, T LAE £ 5 A f) o i R sy, “FT-
Sum”G| AT EIHE"E5H . £ ROUGE-1 #5845 I 1
18T M ET R 45 5 . Re3Sum 3244 45 1 55 T H Mg
A 1 A B &K B B RE S Sk
$6 S A L, £ ROUGE-2 il ROUGE-L X M
A Fe bR LR HUS T R AR .

12 Zig

FESCASH Z A H AT B A 242 FHEUE 4 ]
FHF 77 35 000 2 L 56 0E At . 3 2 i B0 4R
(953 A7 > T LA B 0 R 45148 .

(D T BmERZ, AT R
DUC/TAC $¢#i5 4, 7T DL T 9 SCAR 2 2 3UAR
THEAE Z AT 55 . X ALFE Gigaword Fil CNN/DM 4
RIAEEE . b CBEER D, Brh A
LCSTS 1 NLPCC, 3t H LCSTS 2 45 SC A B 48 48
NLPCC BUASEAL /N AN 38 T b 28 W 45 5 76 i I 5
PR I e 2 SRR v S A SO AR B3 AR 4

(2) EAEFIEE P B T DUC/TAC %dis & 7]
FF 2 SURHEAT 55 2Z 50, oAb g 4 H s 5
AN EAT 55

(3) #4277 ok ik, R 4 B 4 S P
Az A B T 2 i I A ik, A CNN/DM Al
DUC2002 n] F F BN ZAE 5 .

(4) Bl A SCA Biik 0 S 45 000 SCAS fil B
MR R 2. O A i 4 b B ASNAPR
I TAC2014 , FoAgx #0280 M) 25 SCA Btk R o i
R 22 Al 435 ) SCAS A7 M AR AR

A SR TR E R T AT
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Gt Jr s T LAY A J5 ¥R FEE T AR e P A o
BT Z A B A o o 28 ) 4 AR R 2y ) B F 5
ANWTTR BB 22 (Y T AR $2 11 1 22 1 4
BRI Tr ik AR T 8RB 2 ST BRI 52 2%
fro o SR 2 L DN I B A R R R 4 b k4
BREADYI L+ 3% 2 7 3 T H0aha 4 ) R SR A

Xt T Gigaword Al LCSTS 2 R LA £ 4 4 .
SRAE X 4 B ffa 4R B I 2 L A R T S B A K
A AE I 3 26 7k RN R S B 0 T B B AR
BSR o AR TT R AN I S R 0 R el B0l T
R T H SR A AT A

o T2 R 8D IF B TR B AE 55 7 24
A A o T — SR E AL S5 (Bl X T RE
F8 SCAS 478 22 L 5 T e 45 4 1 SCAS J78 20 19 28 R Hs
LT Do F 3 THT 1) Hh 3 SR SOAS R 2207 R
B AR HEAT 7 12 6 U0 2R s, 8 H R T ) R SRy
SCARAHEETT

B & BIL A o~ RITR B2 2~ FOR 1 A TR AL X
1o O R R T O A 5 SRRt R i g . AN B PR
S X SCAR BEAT 55 X T A B R T8 T AL BT 55 40
i 4 SEAR U A R . B 2 TS LA BE U AR
TE RO AN P BB A o A R/ 2 PRI 4R A 1 L
T BR TR A EEE S B TR RE I 2 A R A B
{1 B0 A ) A T T e W — AN BT B 5 T T

2% 3k
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